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ABSTRACT

In this paper, this article is about one of the applications of fuzzy logic and neuro-fuzzy in field of
control, it is how to measuring the percentage of carbon dioxide gas which is contained in sugary
solution of Fizzy drink by using computer system depended on the concept of fuzzy logic and neuro-
fuzzy mechanism, by these two methods the percentage of carbon dioxide can be measured in sugary
solution of fizzy drink, at last the comparison can be done among result in order to know which one of
methods has less ratio than another to measuring the real value of carbon dioxide of AL-TAMIM
company for food stuff.
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